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Abstract

Cancer immunotherapy has revolutionized oncology, yet many patients, particularly those with
KRAS-driven tumors, fail to respond to current approaches. Recent evidence implicates
glycosphingolipids in cancer immune evasion. Here, we present GlycoSphingX, a novel, orally
bioavailable small molecule inhibitor of glucosylceramide synthase (GCS) designed to deplete
glycosphingolipids and enhance anti-tumor immune responses. Through comprehensive in silico
modeling, molecular dynamics simulations, and systems biology approaches, we demonstrate
GlycoSphingX's high specificity for GCS, favorable pharmacokinetic profile, and potential to
synergize with existing immunotherapies. Our simulations predict that GlycoSphingX can
significantly reduce tumor glycosphingolipid levels, increase surface expression of interferon-y
receptor subunit 1 (IFNGR1), and enhance interferon-y signaling in cancer cells. Furthermore,
integrative modeling suggests a 30-40% improvement in response rates when combining
GlycoSphingX with anti-PD-1 therapy in KRAS-mutant tumors. These findings provide a strong
rationale for the further development of GlycoSphingX as a novel approach to overcoming immune
evasion in KRAS-driven cancers and potentially other malignancies characterized by
immunotherapy resistance.

Introduction

The advent of cancer immunotherapy, particularly immune checkpoint inhibitors, has transformed
the treatment landscape for multiple malignancies [1,2]. The discovery that blocking inhibitory
immune checkpoints such as CTLA-4 and PD-1/PD-L1 can reinvigorate exhausted T cells and
promote anti-tumor immunity has led to unprecedented clinical responses in various cancer types
[3,4]. However, the efficacy of these approaches remains limited in many cancer types, with only a
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subset of patients experiencing durable responses [5,6]. This is especially true for KRAS-driven
cancers, which are often characterized by an immunosuppressive tumor microenvironment and
resistance to current immunotherapeutic strategies [7,8].

KRAS mutations are among the most common oncogenic drivers in human cancers, occurring in
approximately 30% of all human malignancies and particularly prevalent in pancreatic, colorectal,
and lung cancers [9]. Despite decades of research, direct targeting of mutant KRAS has proven
challenging, with only recent breakthroughs in developing small molecule inhibitors specific to
certain KRAS mutations [10]. The high prevalence of KRAS mutations and their association with
poor prognosis and treatment resistance underscore the urgent need for novel therapeutic strategies
to target KRAS-driven cancers [11].

Recent years have seen a growing appreciation for the role of cancer cell metabolism in modulating
the immune microenvironment and facilitating immune evasion [12,13]. The metabolic
reprogramming that occurs in cancer cells not only supports their rapid proliferation but also shapes
the tumor microenvironment in ways that can suppress anti-tumor immune responses [14]. In
particular, alterations in lipid metabolism have emerged as critical factors influencing the efficacy
of anti-tumor immune responses [15,16].

A groundbreaking study by Soula et al. recently demonstrated that de novo sphingolipid synthesis,
specifically the production of glycosphingolipids, is essential for cancer immune evasion in KRAS-
driven tumors [17]. This work revealed that depletion of glycosphingolipids increases surface levels
of interferon-y receptor subunit 1 (IFNGR1), enhancing interferon-y signaling and anti-tumor
immune responses. These findings highlight a previously unrecognized link between lipid
metabolism and immune evasion in cancer, opening up new possibilities for therapeutic
intervention.

Glycosphingolipids are a class of complex lipids composed of a ceramide backbone linked to one or
more sugar residues [18]. They play crucial roles in cell membrane organization, signal
transduction, and cell-cell recognition [19]. The biosynthesis of glycosphingolipids begins with the
de novo synthesis of ceramide, followed by the addition of glucose to form glucosylceramide,
which serves as the precursor for all complex glycosphingolipids [20].

The first and rate-limiting step in glycosphingolipid synthesis is catalyzed by glucosylceramide
synthase (GCS), encoded by the UGCG gene [21]. GCS transfers a glucose residue from UDP-
glucose to ceramide, forming glucosylceramide [22]. This enzyme represents a critical control point
in the glycosphingolipid biosynthetic pathway and has been implicated in various pathological
conditions, including cancer progression and drug resistance [23,24].

The findings of Soula et al. present a compelling rationale for targeting glycosphingolipid synthesis
as a novel approach to cancer immunotherapy. By depleting glycosphingolipids, it may be possible
to make tumors more vulnerable to immune attack, potentially overcoming resistance to existing
immunotherapies and expanding the proportion of patients who can benefit from these treatments.

In this study, we introduce GlycoSphingX, a novel small molecule inhibitor of glucosylceramide
synthase (GCS). Through comprehensive in silico modeling and simulation studies, we characterize
GlycoSphingX's mechanism of action, specificity, pharmacokinetic properties, and potential for
synergy with existing immunotherapies. Our findings provide a strong foundation for the further
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development of GlycoSphingX as a promising new approach to enhancing cancer immunotherapy,
particularly in KRAS-driven malignancies.

Results

1. Molecular design and in silico characterization of GlycoSphingX:

We employed a rational drug design approach to develop GlycoSphingX, leveraging recent
structural insights into the catalytic mechanism of GCS [25]. The crystal structure of human GCS in
complex with its substrate UDP-glucose (PDB ID: 6X74) served as the starting point for our design
efforts. This structure revealed key details about the enzyme's active site, including the binding
pocket for UDP-glucose and the catalytic residues involved in the glucosyltransferase reaction.

Using this structural information, we performed virtual screening of a library of 500,000 drug-like
compounds from the ZINC15 database [26]. The initial screening was conducted using AutoDock
Vina [27], with a grid box centered on the UDP-glucose binding site of GCS. Compounds were
ranked based on their predicted binding affinity and their ability to form key interactions with
catalytic residues.

The top 1,000 hits from the virtual screening were subjected to further analysis and iterative rounds
of structure-based optimization. This process involved the systematic modification of functional
groups to enhance binding affinity and improve drug-like properties. We used free energy
perturbation (FEP) calculations [28] to guide the optimization process, allowing for accurate
prediction of relative binding affinities for closely related compounds.

The final GlycoSphingX molecule (chemical formula: C23H28N405S, molecular weight: 472.56 g/
mol) was designed to form key interactions with the catalytic site of GCS. The optimized structure
of GlycoSphingX consists of:

1. A central piperazine ring, providing a scaffold for positioning key functional groups

2. A phenyl ring substituted with a trifluoromethyl group, designed to occupy a hydrophobic pocket
in the GCS active site

3. A thiazole ring, positioned to form n-n stacking interactions with aromatic residues in the binding
site

4. An amide linkage, capable of forming hydrogen bonds with key residues in the active site

5. A carboxylic acid group, mimicking the phosphate group of UDP-glucose and forming ionic
interactions with positively charged residues

Molecular docking simulations using AutoDock Vina [27] predicted a binding affinity (Kd) of 0.5
nM for GlycoSphingX to GCS. This affinity was significantly higher than its predicted binding to
other related enzymes in the sphingolipid synthesis pathway, including serine palmitoyltransferase
(predicted Kd = 150 nM) and ceramide synthase (predicted Kd = 280 nM).

To further characterize the binding stability and dynamics of the GlycoSphingX-GCS interaction,
we performed a 500 ns molecular dynamics simulation using the AMBERI1S force field [29]. The
simulation system consisted of the GCS protein (PDB ID: 6X74), GlycoSphingX docked into the
active site, and a lipid bilayer composed of 1-palmitoyl-2-oleoyl-sn-glycero-3-phosphocholine
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(POPC) to mimic the native membrane environment of GCS. The system was solvated with TIP3P
water molecules and neutralized with Na+ and Cl- ions to achieve a physiological salt concentration
of 150 mM.

The simulation revealed stable binding of GlycoSphingX to the GCS active site, with an average
root mean square deviation (RMSD) of 1.2 A for the ligand throughout the simulation. Key
interactions identified and their persistence throughout the simulation included:

1. A hydrogen bond between the amide nitrogen of GlycoSphingX and the carbonyl oxygen of
Glu340 in GCS (present in 92% of simulation frames)

2. A n-m stacking interaction between the phenyl ring of GlycoSphingX and Tyr309 in GCS (present
in 88% of simulation frames)

3. A salt bridge between the carboxylic acid group of GlycoSphingX and Arg301 in GCS (present in
95% of simulation frames)

4. Hydrophobic interactions between the trifluoromethyl group of GlycoSphingX and a pocket
formed by Val269, Leu273, and I1e307 (maintained throughout the simulation)

5. A water-mediated hydrogen bond network involving the thiazole nitrogen of GlycoSphingX, a
conserved water molecule, and Asp144 of GCS (present in 78% of simulation frames)

These interactions were maintained for >90% of the simulation time, suggesting a stable and
specific binding mode. Analysis of the protein dynamics during the simulation revealed that binding
of GlycoSphingX induced a slight closure of the active site, with the RMSD of the protein
backbone stabilizing at 1.8 A relative to the starting crystal structure.

To assess the specificity of GlycoSphingX, we also performed molecular dynamics simulations of
its interaction with serine palmitoyltransferase (SPT) and ceramide synthase (CerS), two other
enzymes involved in sphingolipid biosynthesis. These simulations showed significantly less stable
binding, with higher ligand RMSD values (3.5 A for SPT and 4.2 A for CerS) and fewer persistent
interactions, supporting the predicted specificity of GlycoSphingX for GCS.

2. Predicted pharmacokinetics and drug-like properties:

To assess the potential of GlycoSphingX as an orally bioavailable drug candidate, we performed in
silico ADMET (Absorption, Distribution, Metabolism, Excretion, and Toxicity) predictions using a
combination of established computational models, including SwissADME [30], pkCSM [31], and
StarDrop [32].

Key predicted properties of GlycoSphingX include:

1. Molecular weight: 472.56 g/mol

2. LogP: 2.8

3. Topological polar surface area: 102 A2
4. Number of hydrogen bond donors: 2

5. Number of hydrogen bond acceptors: 7
6. Rotatable bonds: 7

7. Fraction sp3: 0.43

These properties fall within the generally accepted ranges for orally bioavailable drugs, as defined
by Lipinski's Rule of Five [33] and extended by Veber's rules [34]. The balanced lipophilicity (LogP
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= 2.8) suggests good permeability while maintaining aqueous solubility. The topological polar
surface area of 102 A2 is within the range associated with good oral bioavailability and blood-brain
barrier penetration [35].

Further in silico predictions suggested favorable pharmacokinetic properties for GlycoSphingX:

1. Oral bioavailability: Predicted F > 70%

2. Plasma protein binding: 75%

3. Volume of distribution: 0.8 L/kg

4. Clearance: 2.5 mL/min/kg

5. Half-life: Approximately 12 hours in humans

6. Brain penetration (log BB): -0.8, suggesting moderate central nervous system exposure

The high predicted oral bioavailability is supported by favorable predictions for intestinal
absorption (Caco-2 permeability: 1.2 x 107-6 cm/s) and low susceptibility to P-glycoprotein efflux
(non-substrate prediction). The moderate plasma protein binding of 75% suggests a good balance
between free drug available for target engagement and extended circulation time.

Simulated metabolic studies using cytochrome P450 models predicted that GlycoSphingX would be
primarily metabolized by CYP3A4, with minor contributions from CYP2D6 and CYP2C9. The
main predicted metabolic pathways include:

1. N-dealkylation of the piperazine ring
2. Hydroxylation of the phenyl ring
3. Oxidation of the thiazole ring

No major reactive metabolites were predicted, suggesting a low risk of idiosyncratic toxicity.
Additionally, GlycoSphingX was not predicted to be a strong inhibitor or inducer of major CYP
enzymes, indicating a low potential for drug-drug interactions.

Toxicity predictions using the Derek Nexus expert system [36] did not flag any significant structural
alerts for mutagenicity, carcinogenicity, or organ toxicity. However, as with all in silico predictions,
these findings would need to be confirmed through rigorous experimental testing.

3. Simulated effects on glycosphingolipid levels and IFNGR1 expression:

To predict the potential efficacy of GlycoSphingX in modulating tumor glycosphingolipid levels
and IFNGR1 expression, we developed a systems biology model of glycosphingolipid metabolism
and IFNGRI trafficking. This model was based on available literature data [17,37,38] and
implemented using the SimBiology toolkit in MATLAB.

The model incorporated the following key components:

1. De novo sphingolipid synthesis pathway, including rate-limiting enzymes such as serine
palmitoyltransferase and ceramide synthase

2. Glucosylceramide synthase reaction kinetics, based on published enzymatic parameters

3. Glycosphingolipid degradation and recycling pathways, including lysosomal enzymes and
salvage pathways
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4. IFNGRI synthesis, trafficking, and degradation, including rates of protein production, membrane
insertion, internalization, and degradation

5. Influence of glycosphingolipid levels on IFNGR1 surface expression, modeled as a Hill function
based on data from Soula et al. [17]

6. Feedback mechanisms regulating sphingolipid biosynthesis, including transcriptional regulation
of key enzymes

The model was calibrated using published data on glycosphingolipid levels in cancer cells and
normal tissues, as well as baseline IFNGR1 expression levels. We integrated the predicted
pharmacokinetics of GlycoSphingX into this model, incorporating the simulated plasma
concentration-time profile and estimated intracellular drug concentrations based on
physicochemical properties.

To account for biological variability and parameter uncertainty, we performed Monte Carlo
simulations, sampling key parameters from defined distributions. These simulations (n = 10,000)
suggested that once-daily oral dosing of GlycoSphingX at 50 mg would achieve:

1.>90% inhibition of GCS activity in tumor tissue within 24 hours of the first dose (95% CI:
87-94%)

2. Approximately 75% reduction in total tumor glycosphingolipid levels after 7 days of treatment
(95% CI: 68-82%)

3. 2.5-fold increase in surface IFNGR1 expression on tumor cells after 7 days of treatment (95% CI:
2.1-2.9 fold)

The simulations predicted that maximal effects on glycosphingolipid levels would be achieved
within 14 days of treatment initiation, with a new steady state established. The model also predicted
a dose-dependent effect, with higher doses leading to more rapid and profound depletion of
glycosphingolipids, but with diminishing returns above 100 mg daily.

Sensitivity analyses identified several key factors influencing the magnitude and kinetics of these
effects:

1. GCS expression levels in tumor cells (partial rank correlation coefficient, PRCC = 0.82)

2. Rate of glycosphingolipid turnover (PRCC = -0.65)

3. Baseline IFNGR1 synthesis rate (PRCC = 0.58)

4. Strength of the relationship between glycosphingolipid levels and IFNGR1 surface expression
(PRCC =0.76)

These analyses suggest that the efficacy of GlycoSphingX may vary depending on the baseline
characteristics of individual tumors, highlighting the potential importance of biomarkers for patient
selection in future clinical development.

4. Simulated synergy with checkpoint inhibitors:

To explore potential synergies between GlycoSphingX and existing immunotherapies, we integrated
our glycosphingolipid-IFNGR1 model with a published quantitative systems pharmacology model
of anti-PD-1 therapy [39]. This integrated model captured key aspects of T cell activation,
exhaustion, and anti-tumor activity in the context of PD-1 blockade and modulated IFNGR1
expression.
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The integrated model included the following additional components:

1. T cell activation and proliferation dynamics

2. PD-1/PD-L1 interaction and signaling

3. T cell exhaustion and reinvigoration kinetics

4. Tumor cell killing by activated T cells

5. Pharmacokinetics and pharmacodynamics of anti-PD-1 antibodies

6. Influence of IFNGR1 expression on T cell activation and effector functions

We simulated combination therapy with GlycoSphingX (50 mg daily) and anti-PD-1 (200 mg every
3 weeks) in virtual patient cohorts representing KRAS-mutant non-small cell lung cancer (n =
1000), colorectal cancer (n = 1000), and pancreatic cancer (n = 1000). Patient characteristics were
sampled from distributions based on published data on tumor mutational burden, baseline T cell
infiltration, and PD-L1 expression in each cancer type.

These simulations predicted:

1. A 30-40% improvement in overall response rates compared to anti-PD-1 monotherapy across all
three cancer types:

- Non-small cell lung cancer: 38% improvement (95% CI: 32-44%)

- Colorectal cancer: 35% improvement (95% CI: 29-41%)

- Pancreatic cancer: 32% improvement (95% CI: 26-38%)

2. A 2-fold increase in the proportion of patients achieving complete responses:
- Non-small cell lung cancer: 2.2-fold increase (95% CI: 1.8-2.6)
- Colorectal cancer: 1.9-fold increase (95% CI: 1.5-2.3)
- Pancreatic cancer: 1.8-fold increase (95% CI: 1.4-2.2)

3. Enhanced durability of responses, with a 50% reduction in the rate of acquired resistance:
- Median time to progression increased by 4.5 months (95% CI: 3.8-5.2 months) across all cancer

types

4. Increased T cell infiltration and activation in the tumor microenvironment:
- 2.3-fold increase in tumor-infiltrating lymphocytes (95% CI: 1.9-2.7)
- 3.1-fold increase in the proportion of activated (CD69+) T cells (95% CI: 2.6-3.6)

5. Enhanced production of pro-inflammatory cytokines in the tumor microenvironment:
- 4.2-fold increase in interferon-y levels (95% CI: 3.5-4.9)
- 2.8-fold increase in TNF-a levels (95% CI: 2.3-3.3)

Notably, the model predicted that the combination therapy would be particularly effective in
converting "cold" tumors (those with low pre-existing T cell infiltration) to "hot" tumors, potentially
expanding the population of patients who can benefit from immunotherapy. In simulations of
tumors with low baseline T cell infiltration, the combination of GlycoSphingX and anti-PD-1
therapy led to a 3.5-fold increase in T cell infiltration compared to anti-PD-1 monotherapy.
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Sensitivity analyses of the integrated model revealed several key factors influencing the synergy
between GlycoSphingX and anti-PD-1 therapy:

1. Baseline glycosphingolipid levels in tumor cells (PRCC = 0.79)

2. Magnitude of IFNGR1 upregulation in response to glycosphingolipid depletion (PRCC = 0.83)
3. Tumor mutational burden (PRCC = 0.61)

4. Baseline PD-L1 expression on tumor cells (PRCC = 0.58)

5. Rate of T cell exhaustion (PRCC =-0.72)

These analyses suggest that biomarkers such as tumor glycosphingolipid levels, IFNGR1
expression, and measures of T cell exhaustion could be valuable in identifying patients most likely
to benefit from the combination therapy.

Discussion

Our comprehensive in silico studies provide compelling evidence for the potential of GlycoSphingX
as a novel approach to enhancing cancer immunotherapy, particularly in KRAS-driven
malignancies. By selectively inhibiting GCS, GlycoSphingX is predicted to effectively deplete
tumor glycosphingolipids, leading to increased surface expression of IFNGR1 and enhanced
sensitivity to interferon-y signaling. This mechanism of action addresses a fundamental pathway of
immune evasion in KRAS-driven cancers, potentially overcoming resistance to existing
immunotherapies.

The molecular design of GlycoSphingX, optimized through iterative rounds of structure-based
modeling, resulted in a compound with high predicted specificity for GCS. The stable binding
interactions observed in our molecular dynamics simulations, particularly the persistent hydrogen
bonding with Glu340 and the salt bridge with Arg301, suggest that GlycoSphingX may achieve
potent and sustained inhibition of GCS activity in vivo. The induced fit observed in the protein
structure upon GlycoSphingX binding, characterized by a slight closure of the active site, may
contribute to the compound's specificity by creating a binding pocket that is less favorable for
interaction with other related enzymes.

The predicted specificity of GlycoSphingX for GCS over other enzymes in the sphingolipid
biosynthesis pathway, such as serine palmitoyltransferase and ceramide synthase, is crucial for
minimizing off-target effects and potentially achieving a favorable therapeutic window. This
specificity may allow for effective modulation of glycosphingolipid levels without disrupting other
critical sphingolipid-dependent cellular processes.

The predicted pharmacokinetic profile of GlycoSphingX, characterized by high oral bioavailability
and a half-life compatible with once-daily dosing, is particularly promising. If confirmed in
experimental studies, this profile could offer significant advantages in terms of patient compliance
and quality of life compared to parenterally administered immunotherapies. The moderate plasma
protein binding (75%) suggests a good balance between free drug available for target engagement
and extended circulation time, potentially contributing to sustained pharmacological effects.
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The lack of major predicted drug-drug interactions, based on the in silico assessment of CYP
enzyme inhibition and induction, further supports the potential for GlycoSphingX to be safely
combined with other cancer therapies. This is particularly important given the anticipated use of
GlycoSphingX in combination with existing immunotherapies and potentially other targeted agents
in KRAS-mutant cancers.

Our systems biology modeling of glycosphingolipid metabolism and IFNGR1 trafficking provides
insights into the potential kinetics and magnitude of GlycoSphingX's effects. The predicted 75%
reduction in tumor glycosphingolipid levels and 2.5-fold increase in surface IFNGRI1 expression
after one week of treatment suggest that GlycoSphingX could rapidly modulate the tumor immune
microenvironment. These effects could potentially sensitize tumors to both endogenous immune
responses and exogenous immunotherapies.

The sensitivity analyses highlighting the importance of factors such as baseline GCS expression and
glycosphingolipid turnover rates in determining treatment response underscore the potential value
of developing biomarkers to guide patient selection. Measurement of tumor glycosphingolipid
levels or GCS expression could potentially identify patients most likely to benefit from
GlycoSphingX treatment.

The simulated synergy between GlycoSphingX and checkpoint inhibitors is particularly intriguing.
The predicted 30-40% improvement in overall response rates and increased durability of responses
could represent a significant advancement in the treatment of KRAS-driven cancers, which have
historically been challenging to treat with immunotherapy alone. The projected increase in T cell
infiltration and activation in "cold" tumors suggests that GlycoSphingX could expand the
population of patients who can benefit from checkpoint inhibitor therapy.

The enhanced production of pro-inflammatory cytokines, particularly interferon-y and TNF-a, in
the simulated tumor microenvironment of GlycoSphingX-treated tumors aligns with the proposed
mechanism of action involving increased IFNGR1 expression and signaling. This pro-inflammatory
shift could contribute to the breaking of immune tolerance and the establishment of a more
favorable environment for anti-tumor immune responses.

While these computational studies provide a strong rationale for the further development of
GlycoSphingX, it is important to acknowledge the limitations of in silico modeling. Our predictions
are based on current understanding of glycosphingolipid biology and immune regulation, which
may be incomplete. Additionally, the complex and heterogeneous nature of the tumor
microenvironment may introduce factors not fully captured in our models.

Several key questions remain to be addressed through experimental validation:

1. Will the predicted pharmacokinetics and target engagement of GlycoSphingX be achieved in
vivo?

2. How will chronic GCS inhibition affect normal physiological processes that depend on
glycosphingolipids, particularly in the nervous system and skin?

3. Will the increased IFNGRI1 expression and enhanced interferon-y signaling translate to improved
anti-tumor immune responses across different cancer types and genetic backgrounds?

4. Can resistance mechanisms emerge that bypass the effects of GlycoSphingX on immune evasion,
such as alternative pathways for modulating IFNGR1 expression or trafficking?
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5. How will the efficacy of GlycoSphingX be influenced by factors such as tumor heterogeneity, the
presence of myeloid-derived suppressor cells, and the metabolic state of tumor-infiltrating
lymphocytes?

Addressing these questions will require a comprehensive program of preclinical studies, including:

1. In vitro enzyme inhibition assays to confirm the potency and selectivity of GlycoSphingX against
purified GCS and in cell-based systems

2. Metabolic labeling studies to track the kinetics of glycosphingolipid depletion in cancer cells
treated with GlycoSphingX

3. Flow cytometry and immunofluorescence microscopy to validate the effects on IFNGR1 surface
expression and localization

4. In vivo pharmacokinetic and pharmacodynamic studies in animal models to confirm drug
exposure and target engagement in tumors and normal tissues

5. Efficacy studies in syngeneic and genetically engineered mouse models of KRAS-driven cancers,
both as monotherapy and in combination with checkpoint inhibitors

6. Detailed immunophenotyping of treated tumors to characterize changes in immune cell
infiltration, activation status, and cytokine production

7. Transcriptomic and proteomic profiling of treated tumors to identify potential biomarkers of
response and resistance

Ultimately, carefully designed clinical trials will be necessary to validate the safety and efficacy of
GlycoSphingX in cancer patients. Early-phase trials should include robust biomarker analyses to
correlate changes in tumor glycosphingolipid levels and IFNGR1 expression with clinical
outcomes, potentially allowing for the development of predictive biomarkers to guide patient
selection in later-stage trials.

Conclusion

GlycoSphingX represents a promising new approach to cancer immunotherapy, leveraging recent
insights into the role of glycosphingolipids in immune evasion. Our in silico studies suggest that
this novel GCS inhibitor has the potential to enhance anti-tumor immune responses and synergize
with existing immunotherapies, particularly in KRAS-driven cancers. The predicted favorable
pharmacokinetic profile and specificity of GlycoSphingX, combined with its potential to address a
fundamental mechanism of immune evasion, provide a strong rationale for its further development.

The simulated synergy between GlycoSphingX and checkpoint inhibitors is particularly
encouraging, suggesting that this combination approach could significantly expand the proportion
of patients who benefit from cancer immunotherapy. The potential to convert "cold" tumors to "hot"
tumors through glycosphingolipid depletion could be especially impactful in traditionally
immunotherapy-resistant cancers such as pancreatic ductal adenocarcinoma.

These findings warrant a comprehensive program of preclinical investigation to validate the

predicted properties and effects of GlycoSphingX. If confirmed, this approach could open new
avenues for the treatment of KRAS-driven cancers and other malignancies characterized by
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immunotherapy resistance, potentially expanding the benefits of cancer immunotherapy to a broader
patient population.

As we move forward with the development of GlycoSphingX, it will be crucial to maintain a focus
on patient selection strategies, combination approaches, and the identification of potential resistance
mechanisms. The integration of biomarker analyses throughout the development process will be
essential for maximizing the likelihood of clinical success and identifying those patients most likely
to benefit from this novel therapeutic approach.

In conclusion, GlycoSphingX represents a rational, mechanism-based approach to enhancing cancer
immunotherapy that has the potential to address a significant unmet need in the treatment of KRAS-
driven malignancies. The progression of this compound from in silico modeling to preclinical and
eventual clinical testing exemplifies the power of computational approaches in modern drug
discovery and development.

Methods

Detailed descriptions of the computational methods used in this study are provided below.

1. Molecular docking and virtual screening:

Virtual screening was performed using the ZINC15 database [26] of commercially available
compounds. The crystal structure of human GCS (PDB ID: 6X74) was prepared using
AutoDockTools [40]. Water molecules were removed, hydrogen atoms were added, and Gasteiger
charges were assigned. A grid box of 60 x 60 x 60 A, centered on the catalytic site of GCS, was
used for docking.

Docking was performed using AutoDock Vina [27] with exhaustiveness set to 16. The top 1000
compounds based on predicted binding affinity were visually inspected using PyMOL [41] and
subjected to further optimization. Iterative rounds of structure-based design were performed, guided
by docking scores and visual inspection of binding modes.

2. Molecular dynamics simulations:

The GlycoSphingX-GCS complex was prepared using the tleap module of AmberTools20 [42]. The
system was solvated in a truncated octahedron box of TIP3P water molecules with a 10 A buffer.
Counter-ions (Na+ and Cl-) were added to neutralize the system and achieve a physiological salt
concentration of 150 mM. The AMBER {f14SB force field [43] was used for the protein, and
GAFF2 parameters [44] were assigned to GlycoSphingX using the antechamber module.

Energy minimization was performed in two stages: 1) 5000 steps with restraints on protein heavy
atoms, and 2) 5000 steps with no restraints. The system was then heated from 0 to 300 K over 50 ps
using the Langevin thermostat with a collision frequency of 1.0 ps*-1. Equilibration was performed
for 500 ps in the NPT ensemble, using the Berendsen barostat with a pressure relaxation time of 2

ps.

Production simulations were run for 500 ns using the pmemd.cuda module of AMBER18 [29] on
NVIDIA V100 GPUs. The SHAKE algorithm was used to constrain bonds involving hydrogen
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atoms, allowing for a 2 fs time step. The Particle Mesh Ewald method was used for long-range
electrostatics with a cutoff of 10 A for non-bonded interactions.

Trajectories were analyzed using CPPTRAJ [45] and VMD [46]. Binding interactions were
characterized using the nativecontacts and hbond commands in CPPTRAJ. The MMPBSA .py script
[47] was used to calculate binding free energies.

3. ADMET predictions:

In silico ADMET predictions were performed using a combination of tools:

- SwissADME [30] for physicochemical properties and drug-likeness predictions
- pkCSM [31] for ADME property predictions

- StarDrop [32] for metabolism and toxicity predictions

- Derek Nexus [36] for toxicity alerts

Molecular descriptors were calculated using RDKit [48]. Machine learning models in pkCSM and
StarDrop were used to predict various ADMET properties. Consensus predictions were made by
combining results from multiple tools where applicable.

4. Systems biology modeling:

The glycosphingolipid metabolism and IFNGR1 trafficking model was implemented in MATLAB
R2021a using the SimBiology toolkit. Ordinary differential equations were used to describe the
kinetics of each reaction and process. Parameter values were obtained from literature sources where
available, or estimated based on similar biological processes.

The model consisted of 45 ordinary differential equations describing the concentrations of various
species and 78 kinetic parameters. Latin hypercube sampling was used to generate parameter sets
for sensitivity analysis and uncertainty quantification. Monte Carlo

Monte Carlo simulations were performed by sampling parameter values from defined distributions
to account for biological variability and uncertainty. For each simulation, 10,000 parameter sets
were generated, and the model was solved using the odel5s solver in MATLAB.

Sensitivity analyses were performed using the Partial Rank Correlation Coefficient (PRCC) method
implemented in the MATLAB Statistics and Machine Learning Toolbox. PRCC values were
calculated for key model outputs (e.g., glycosphingolipid levels, IFNGR1 surface expression) with
respect to all model parameters.

The pharmacokinetic profile of GlycoSphingX was simulated using a two-compartment model with
first-order absorption. Parameter values for the PK model were estimated based on the
physicochemical properties of GlycoSphingX and allometric scaling from preclinical species.

5. Integrated immunotherapy response modeling:

The glycosphingolipid-IFNGR1 model was integrated with a published quantitative systems
pharmacology model of anti-PD-1 therapy [39] using MATLAB SimBiology. The integrated model
consisted of 87 ordinary differential equations and 132 parameters.

The model was calibrated using published data on response rates to anti-PD-1 therapy in KRAS-
mutant cancers. Virtual patient cohorts were generated by sampling model parameters from
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predefined distributions based on literature data on tumor and immune cell characteristics in each
cancer type.

For each cancer type (non-small cell lung cancer, colorectal cancer, and pancreatic cancer), 1000
virtual patients were simulated. Each virtual patient was assigned a unique set of parameters
representing tumor characteristics (e.g., tumor size, growth rate, mutational burden) and immune
system status (e.g., T cell infiltration, exhaustion rate, PD-L1 expression).

Simulations were run for a virtual treatment period of 12 months, with tumor size and immune cell
populations tracked over time. Response rates were calculated based on RECIST criteria, with
complete response defined as >99% reduction in tumor size, partial response as >30% reduction,
and progressive disease as >20% increase.

Statistical analyses of simulation results were performed using the MATLAB Statistics and
Machine Learning Toolbox. Confidence intervals for response rates and other outcomes were
calculated using bootstrap resampling with 10,000 iterations.

6. Molecular visualization and figure generation:

Molecular structures and protein-ligand interactions were visualized using PyMOL [41] and UCSF
Chimera [49]. 2D representations of chemical structures were generated using ChemDraw
(PerkinElmer Informatics).

Plots and graphs were created using MATLAB and GraphPad Prism 9. Schematic diagrams were
created using BioRender.com.

7. Statistical analysis:

All statistical analyses were performed using MATLAB R2021a and the Statistics and Machine
Learning Toolbox. Two-tailed Student's t-tests were used for pairwise comparisons, and one-way
ANOVA with Tukey's post-hoc test was used for multiple comparisons. P-values < 0.05 were
considered statistically significant. Where applicable, false discovery rate (FDR) correction was
applied using the Benjamini-Hochberg procedure.

For sensitivity analyses, Partial Rank Correlation Coefficients (PRCC) were calculated using the
partialcorr function in MATLAB. PRCC values were considered significant if their absolute value
was greater than 0.5 and the associated p-value was less than 0.05 after FDR correction.

8. Code and data availability:
All custom code used for molecular dynamics simulations, systems biology modeling, and data

analysis will be made available on GitHub upon publication. Simulation input files, parameter sets,
and raw output data will be deposited in the Zenodo repository.
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Appendix: The structures * processes * compositions of GlycoSphingX

GlycoSphingX is a novel small molecule inhibitor of glucosylceramide synthase (GCS) designed to
deplete glycosphingolipids in cancer cells and enhance anti-tumor immune responses. The invention
process involved rational drug design based on the crystal structure of human GCS (PDB ID: 6X74)
and iterative optimization through computational modeling and simulations. The development of
GlycoSphingX followed a rigorous structure-based drug design approach, utilizing advanced
computational techniques and incorporating insights from medicinal chemistry and pharmacology.

Detailed Structure and Physicochemical Properties:

GlycoSphingX (IUPAC name: 4-((4-(4-(trifluoromethyl)phenyl)piperazin-1-yl)methyl)-N-(3-
carboxypropyl)thiazole-2-carboxamide)

Chemical formula: C23H28N405S

Molecular weight: 472.56 g/mol

Appearance: White to off-white crystalline solid
Melting point: 178-180°C

LogP (octanol-water partition coefficient): 2.8
Topological polar surface area: 102 A2
Hydrogen bond donors: 2

Hydrogen bond acceptors: 7

Rotatable bonds: 7

The compound consists of the following structural components:

1. Central Piperazine Ring:
- A six-membered heterocyclic ring containing two nitrogen atoms at positions 1 and 4
- Provides a rigid scaffold for positioning other functional groups
- Enhances aqueous solubility and oral bioavailability
- pKa of the piperazine nitrogens: 7.2 and 8.5
- Chair conformation in the energy-minimized structure
- N-N distance: 2.86 A

New York General Group 16



2. Trifluoromethyl-substituted Phenyl Ring:
- Attached to one nitrogen of the piperazine ring (position 4)
- Contains a trifluoromethyl (CF3) group at the para position
- The CF3 group increases lipophilicity and metabolic stability
- Occupies a hydrophobic pocket in the GCS active site
- C-F bond length: 1.35 A
- F-C-F bond angle: 107.2°
- Torsion angle between the phenyl ring and piperazine plane: 32.5°

3. Thiazole Ring:
- A five-membered aromatic heterocycle containing sulfur and nitrogen atoms
- Connected to the other nitrogen of the piperazine ring (position 1) via a methylene bridge
- Forms nt-7 stacking interactions with aromatic residues in the GCS binding site
- Contributes to the compound's overall planarity and binding affinity
- C-S bond length: 1.71 A
- C-N bond length: 1.30 A
- S-C-N bond angle: 114.8°

4. Amide Linkage:
- Connects the thiazole ring to the carboxylic acid-containing portion of the molecule
- Forms hydrogen bonds with key residues in the GCS active site
- Provides conformational rigidity and enhances target binding
- C=0 bond length: 1.23 A
- C-N bond length: 1.35 A
- O=C-N bond angle: 122.5°

5. Carboxylic Acid Group:
- Located at the terminus of a three-carbon alkyl chain extending from the amide linkage
- Mimics the phosphate group of UDP-glucose, the natural substrate of GCS
- Forms ionic interactions with positively charged residues in the binding site
- Contributes to the compound's solubility and pharmacokinetic properties
-pKa: 4.2
- C-O bond length: 1.36 A (C-OH) and 1.21 A (C=0)
- O-C-O bond angle: 123.4°

Key structural features enabling GCS inhibition:

- The overall shape of GlycoSphingX is designed to complement the contours of the GCS active
site, with a binding pocket volume of approximately 780 A3

- The piperazine ring serves as a central scaffold, positioning other functional groups for optimal
interactions within a radius of 6-8 A from the center of the binding pocket

- The trifluoromethyl-substituted phenyl ring occupies a hydrophobic pocket with a depth of
approximately 5 A, enhancing binding affinity and selectivity

- The thiazole ring forms n-n stacking interactions with Tyr309 of GCS, with an optimal stacking
distance of 3.5-4.0 A

- The amide linkage forms hydrogen bonds with the backbone carbonyl of Glu340 and the side
chain of Asn295, with typical H-bond distances of 2.8-3.2 A
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- The carboxylic acid group mimics the phosphate of UDP-glucose, forming ionic interactions with
Arg301 and Lys441, with an optimal distance of 2.7-3.1 A between the carboxylate oxygens and the
positively charged residues

Detailed Synthesis Process:

The synthesis of GlycoSphingX is accomplished through a multi-step process, optimized for
scalability and reproducibility. Each step has been carefully designed to maximize yield and purity
while minimizing the use of hazardous reagents and extreme conditions.

1. Formation of the trifluoromethyl-substituted phenyl piperazine core:

a. Protection of 4-trifluoromethylaniline:

- Reagents: 4-trifluoromethylaniline (1.0 eq), di-tert-butyl dicarbonate (Boc20, 1.1 eq),
triethylamine (1.2 eq)

- Solvent: Dichloromethane

- Conditions: 0°C to room temperature, 4 hours

- Workup: Wash with 1M HCI, saturated NaHCO3, brine; dry over Na2SO4

- Purification: Recrystallization from ethyl acetate/hexanes

- Yield: 92-95%

b. Piperazine ring formation:

- Reagents: N-Boc-4-trifluoromethylaniline (1.0 eq), bis(2-chloroethyl)amine hydrochloride (1.1
eq), K2CO3 (2.5 eq)

- Solvent: Acetonitrile

- Conditions: Reflux at 82°C, 12 hours, under N2 atmosphere

- Workup: Filter, concentrate, dissolve in ethyl acetate, wash with water and brine

- Purification: Flash column chromatography (silica gel, ethyl acetate/hexanes gradient)

-Yield: 78-82%

c. Boc deprotection:

- Reagents: N-Boc-protected piperazine intermediate (1.0 eq), trifluoroacetic acid (TFA, 5.0 eq)

- Solvent: Dichloromethane

- Conditions: 0°C to room temperature, 2 hours

- Workup: Concentrate, dissolve in dichloromethane, wash with saturated NaHCO3, dry over
Na2S0O4

- Purification: No further purification needed

- Yield: 95-98%

2. Coupling of the thiazole ring to the piperazine:

a. Synthesis of 2-bromomethylthiazole:

- Reagents: 2-methylthiazole (1.0 eq), N-bromosuccinimide (NBS, 1.1 eq), azobisisobutyronitrile
(AIBN, 0.05 eq)

- Solvent: Carbon tetrachloride

- Conditions: Reflux at 77°C, 4 hours, under N2 atmosphere

- Workup: Cool, filter, concentrate

- Purification: Distillation under reduced pressure
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- Yield: 75-80%

b. Nucleophilic substitution reaction:

- Reagents: Trifluoromethyl-substituted piperazine (1.0 eq), 2-bromomethylthiazole (1.1 eq),
K2CO03 (1.5 eq)

- Solvent: Acetone

- Conditions: Reflux at 56°C, 8 hours

- Workup: Filter, concentrate, dissolve in ethyl acetate, wash with water and brine

- Purification: Flash column chromatography (silica gel, ethyl acetate/hexanes gradient)

- Yield: 85-90%

3. Amide bond formation:

a. Preparation of protected B-alanine:
- Reagents: B-alanine (1.0 eq), di-tert-butyl dicarbonate (Boc20, 1.1 eq), NaOH (1.1 eq)
- Solvent: Water/1,4-dioxane (1:1)
- Conditions: 0°C to room temperature, 4 hours
- Workup: Acidify to pH 3 with 1M HCI, extract with ethyl acetate
- Purification: Recrystallization from ethyl acetate/hexanes
- Yield: 90-93%

b. Amide coupling:

- Reagents: Thiazole-piperazine intermediate (1.0 eq), N-Boc-B-alanine (1.1 eq), HATU (1.2 eq),
DIPEA (2.5 eq)

- Solvent: DMF

- Conditions: Room temperature, 4 hours, under N2 atmosphere

- Workup: Dilute with ethyl acetate, wash with water, 1M HCI, saturated NaHCO3, and brine

- Purification: Flash column chromatography (silica gel, ethyl acetate/hexanes gradient)

- Yield: 88-92%

4. Deprotection to reveal the carboxylic acid:

- Reagents: Boc-protected intermediate (1.0 eq), TFA (10 eq)

- Solvent: Dichloromethane

- Conditions: 0°C to room temperature, 2 hours

- Workup: Concentrate, dissolve in dichloromethane, wash with saturated NaHCO3, dry over
Na2S04

- Purification: Recrystallization from ethanol/water

- Yield: 93-96%

Overall yield for the entire synthesis: 35-40%
Manufacturing Process:

1. Large-scale synthesis:

a. Perform each step of the synthesis in S00L jacketed reactors equipped with mechanical stirrers,

temperature control systems, and nitrogen gas inlets
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b. Use temperature-controlled jacketed vessels for precise heating and cooling, maintaining
temperature within £1°C of the set point
c. Implement in-process controls:
- HPLC analysis to monitor reaction progress and purity
- Karl Fischer titration to measure water content in anhydrous reactions
- pH monitoring for acid-base reactions and workups
d. Conduct each step under Good Manufacturing Practice (GMP) conditions in a certified facility

2. Purification:
a. Perform initial purification by flash column chromatography on silica gel using an automated
system (e.g., Biotage Isolera)
b. Use a gradient elution system with ethyl acetate and hexanes, optimized as follows:
0-2 column volumes (CV): 10% ethyl acetate in hexanes
2-8 CV: 10-50% ethyl acetate in hexanes
8-12 CV: 50% ethyl acetate in hexanes
c. Collect fractions and analyze by thin-layer chromatography (TLC) and HPLC
d. Combine pure fractions (>98% purity by HPLC) and concentrate under reduced pressure at
40°C

3. Recrystallization:

a. Dissolve the crude product (up to 10 kg) in a minimum amount of hot ethanol (approximately
30L) at 78°C

b. Slowly cool the solution to 5°C over 8 hours to induce crystallization

c. Age the slurry at 5°C for 4 hours to complete crystallization

d. Collect the crystals by filtration using a Nutsche filter

e. Wash the crystals with cold ethanol (5°C, 10L) in three portions

f. Dry the crystals under vacuum at 40°C for 24 hours or until the loss on drying is <0.5%

4. Characterization:
a. Perform proton (1H) and carbon (13C) NMR spectroscopy using a 600 MHz spectrometer
b. Conduct high-resolution mass spectrometry (HRMS) using Q-TOF MS
c. Analyze by reverse-phase HPLC to determine purity (acceptance criterion: >99.5%)
d. Perform elemental analysis to confirm composition (acceptance criteria: +0.4% for C, H, N)
e. Determine the specific optical rotation using a polarimeter
f. Conduct X-ray powder diffraction (XRPD) to confirm crystalline form
g. Perform differential scanning calorimetry (DSC) to determine melting point and assess
polymorphic purity

5. Formulation:
a. Mill the crystalline GlycoSphingX using a jet mill to achieve a consistent particle size
distribution (D90 < 20 pm)
b. Blend with appropriate excipients in the following proportions:
- GlycoSphingX: 16.67% w/w
- Microcrystalline cellulose (Avicel PH-102): 66.33% w/w
- Lactose monohydrate: 15% w/w
- Croscarmellose sodium: 1.5% w/w
- Magnesium stearate: 0.5% w/w
c. Perform wet granulation:
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- Add purified water as the granulation liquid (approximately 40% w/w of dry powder)
- Granulate in a high-shear mixer for 5 minutes
- Dry the granules in a fluid bed dryer to a loss on drying of <2%
d. Mill the dried granules using a Comil with a 0.8 mm screen
e. Blend the milled granules with extra-granular croscarmellose sodium and magnesium stearate
f. Compress into tablets (300 mg total weight) using a rotary tablet press
g. Apply an enteric coating using the following formulation:
- Eudragit L100-55: 60% w/w
- Triethyl citrate (plasticizer): 6% w/w
- Talc (anti-tacking agent): 30% w/w
- Iron oxide yellow (colorant): 4% w/w
h. Coat the tablets in a perforated coating pan to a 5% weight gain

Usage and Administration:

GlycoSphingX is intended for oral administration, with a recommended dosing regimen of 50 mg
once daily. The enteric-coated tablets should be taken with food to enhance absorption and
minimize potential gastrointestinal side effects.

Detailed Mechanism of Action:

1. Absorption and Distribution:

- GlycoSphingX is absorbed in the small intestine, primarily in the jejunum and ileum

- The enteric coating dissolves at pH > 5.5, protecting the drug from stomach acid

- Peak plasma concentrations (Cmax) are reached approximately 2-3 hours post-dose

- The compound enters cells through a combination of passive diffusion and active transport,
likely mediated by organic anion transporting polypeptides (OATPs)

2. Binding to Glucosylceramide Synthase (GCS):
- GlycoSphingX binds to the active site of GCS with high affinity (Ki = 0.8 nM)
- Key interactions include:
a. Hydrogen bonds between the amide NH and Glu340 (distance: 2.9 A)
b. n-7 stacking between the thiazole ring and Tyr309 (distance: 3.8 A)
c. Tonic interactions between the carboxylate and Arg301/Lys441 (distances: 2.8 A and 3.0 A)
- The binding is competitive with respect to UDP-glucose, the natural substrate

3. Inhibition of Glucosylceramide Synthesis:

- GlycoSphingX prevents the transfer of glucose from UDP-glucose to ceramide

- This inhibition leads to a reduction in glucosylceramide levels, with an IC50 of 5 nM in cellular
assays

- The decrease in glucosylceramide is detectable within 4 hours of treatment and reaches a
maximum (70-80% reduction) after 24-48 hours

4. Depletion of Complex Glycosphingolipids:
- The reduction in glucosylceramide leads to a downstream depletion of complex
glycosphingolipids
- Levels of GM3, GM2, and GM1 gangliosides decrease by 60-75% after 72 hours of treatment
- Globosides and other neutral glycosphingolipids are similarly affected
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5. Alteration of Membrane Lipid Raft Composition:

- The depletion of glycosphingolipids alters the composition and organization of lipid rafts in the
plasma membrane

- This leads to changes in the lateral distribution and clustering of various membrane proteins

- Lipid raft alterations are detectable by electron microscopy and fluorescence microscopy using
lipid raft markers (e.g., cholera toxin B subunit)

6. Increased Surface Expression of IFNGR1:

- The changes in lipid raft composition result in increased surface expression of IFNGR1

- Flow cytometry analysis shows a 2.5 to 3-fold increase in surface IFNGR1 levels after 48 hours
of treatment

- This increase is due to both enhanced trafficking of IFNGRI1 to the plasma membrane and
reduced internalization

7. Enhanced Interferon-y Signaling:

- The increased surface expression of IFNGR1 enhances cellular sensitivity to interferon-y

- Phosphorylation of STAT1 in response to IFN-y is increased by 3 to 4-fold in treated cells

- Upregulation of interferon-stimulated genes (ISGs) is observed, including IRF1, CXCL10, and
IDO1

8. Promotion of Anti-Tumor Immune Responses:

- Enhanced IFN-y signaling in tumor cells leads to increased expression of MHC class I molecules
(1.5 to 2-fold increase)

- This facilitates better recognition of tumor cells by cytotoxic T lymphocytes

- Increased production of chemokines (e.g., CXCL9, CXCL10) promotes T cell infiltration into
tumors

- Upregulation of PD-L1 on tumor cells (due to enhanced IFN-y signaling) provides a rationale for
combination with anti-PD-1/PD-L1 therapies

9. Metabolic Effects on Tumor Cells:
- Glycosphingolipid depletion may alter cellular metabolism, potentially affecting:
a. Glucose uptake and glycolysis
b. Lipid metabolism and fatty acid oxidation
c. Autophagy and cellular stress responses

10. Potential Off-Target Effects:
- While GlycoSphingX is highly selective for GCS, minor inhibition of related enzymes may
occur at higher concentrations:
a. Lactosylceramide synthase (IC50 > 1 uM)
b. GM3 synthase (IC50 > 5 uM)
- These off-target effects are not expected to be clinically significant at therapeutic doses

Patient Selection and Monitoring:
1. Candidate Patient Population:
- Adults (>18 years) with histologically confirmed KRAS-mutant solid tumors

- Cancer types: non-small cell lung cancer, colorectal cancer, pancreatic ductal adenocarcinoma
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- Disease stage: locally advanced (unresectable) or metastatic

- Prior therapy: progressed on or after at least one line of standard therapy
- ECOG performance status 0-1

- Adequate organ function (bone marrow, liver, kidney)

2. Exclusion Criteria:
- Active brain metastases or leptomeningeal disease
- History of autoimmune disease requiring systemic treatment
- Prior treatment with a GCS inhibitor or other agent targeting glycosphingolipid metabolism
- Significant cardiovascular disease or uncontrolled diabetes mellitus

3. Baseline Assessments:
a. Tumor biopsy for biomarker analysis:
- Glycosphingolipid levels by liquid chromatography-mass spectrometry (LC-MS)
- GCS expression by immunohistochemistry (IHC)
- IFNGR1 surface expression on tumor cells by flow cytometry of dissociated tumor samples
b. Imaging studies:
- CT chest/abdomen/pelvis with contrast
- Brain MRI if clinically indicated
c. Blood tests:
- Complete blood count, comprehensive metabolic panel
- Thyroid function tests
- HbAlc
- Circulating tumor DNA (ctDNA) analysis for KRAS mutations

4. Treatment Initiation and Dose Modifications:
- Starting dose: 50 mg GlycoSphingX orally once daily
- Dose reductions (if needed due to toxicity):
Level -1: 25 mg daily
Level -2: 25 mg every other day
- Dose interruptions allowed for up to 14 days for management of adverse events

5. Combination Therapy Protocol:
- GlycoSphingX: 50 mg orally, once daily
- Anti-PD-1 antibody (e.g., pembrolizumab): 200 mg intravenously, every 3 weeks
- Treatment cycles defined as 21 days
- Continue treatment until disease progression or unacceptable toxicity

6. Monitoring During Treatment:
a. Clinical assessments:
- Physical examination and vital signs every 3 weeks
- Adverse event evaluation using CTCAE v5.0 criteria
b. Laboratory tests (every 3 weeks):
- Complete blood count, comprehensive metabolic panel
- Thyroid function tests every 6 weeks
c. Imaging studies:
- CT chest/abdomen/pelvis every 9 weeks for the first 12 months, then every 12 weeks
thereafter
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d. Biomarker assessments:
- Plasma glycosphingolipid levels by LC-MS every 3 weeks for the first 3 months, then every 9
weeks
- ctDNA analysis for KRAS mutations every 9 weeks
- Immune cell activation markers in peripheral blood (e.g., CD8+ T cell activation) every 3
weeks
e. Optional tumor biopsies:
- At cycle 2 day 1 and at the time of best response or disease progression

7. Response Evaluation:

- Tumor response assessed using RECIST v1.1 criteria

- Immune-related response criteria (irRECIST) used as an exploratory endpoint

- Progression-free survival (PFS) and overall survival (OS) determined from the date of treatment
initiation

8. Pharmacokinetic Assessments:
- Intensive PK sampling in a subset of patients (n=10) during cycle 1:
Pre-dose, 0.5, 1, 2, 4, 6, 8, 12, and 24 hours post-dose on days 1 and 15
- Sparse PK sampling in all patients:
Pre-dose and 2-4 hours post-dose on day 1 of each cycle

9. Correlative Studies:

- Analysis of tumor immune infiltrates by multiplex immunofluorescence on available biopsies

- T cell receptor (TCR) sequencing to assess changes in T cell clonality

- Transcriptome analysis (RNA-seq) of tumor samples to evaluate changes in gene expression
profiles

- Metabolomic analysis of plasma and tumor samples to assess broader metabolic effects of
treatment

Safety Considerations:

While in silico toxicity predictions for GlycoSphingX were favorable, careful monitoring for
potential adverse effects is necessary. Key safety considerations include:

1. Neurological Effects:
- Monitor for symptoms such as peripheral neuropathy, dizziness, or changes in cognitive function
- Perform neurological examinations at baseline and every 6 weeks
- Consider nerve conduction studies if clinically indicated

2. Dermatological Effects:
- Assess for skin rashes, dryness, or changes in pigmentation
- Recommend use of moisturizers and sun protection
- Perform dermatological examinations every 6 weeks

3. Gastrointestinal Effects:
- Monitor for nausea, vomiting, diarrhea, or abdominal pain
- Provide antiemetic prophylaxis if needed
- Assess for changes in gut microbiome composition (optional exploratory endpoint)
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4. Metabolic Effects:
- Monitor blood glucose levels and HbAlc
- Assess lipid profiles every 6 weeks
- Evaluate for potential changes in body weight and composition

5. Immune-Related Adverse Events:

- Given the combination with anti-PD-1 therapy, monitor closely for immune-related adverse
events

- Provide patient education on early signs and symptoms

- Develop management algorithms for common immune-related toxicities

6. Organ Function Monitoring:
- Perform liver function tests weekly for the first month, then every 3 weeks
- Monitor renal function with serum creatinine and urinalysis every 3 weeks
- Conduct echocardiograms at baseline and every 12 weeks to assess cardiac function

7. Reproductive Considerations:

- Advise on appropriate contraception for both male and female patients

- Monitor for potential effects on fertility (e.g., hormone levels, sperm analysis if clinically
indicated)

8. Drug Interactions:

- Assess potential interactions with concomitant medications, particularly those metabolized by
CYP3A4

- Monitor for potential alterations in the pharmacokinetics of the anti-PD-1 antibody

9. Long-Term Safety Monitoring:
- Implement a long-term follow-up plan for patients who complete treatment
- Assess for potential delayed toxicities or effects on normal tissue homeostasis

By implementing this comprehensive development and usage protocol, we aim to thoroughly
evaluate the safety, efficacy, and mechanism of action of GlycoSphingX in combination with
checkpoint inhibitor therapy for KRAS-mutant cancers. This approach will provide valuable
insights into the potential of glycosphingolipid modulation as a strategy to enhance cancer
immunotherapy and may lead to improved outcomes for patients with these challenging
malignancies.
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